
Reinforcement learning has developed state of the art computer
agents for both classical games and video games, but computer
opponents for modern tabletop games still struggle with
suboptimal performance and comprehension of the game
mechanics. 

For the game Dominion, we develop a reinforcement learning
based agent with a novel multiset-based architecture which
outperforms previous learning-based agents and on par with best
search-based agents. We train agents capable of playing a variety
of strategies which previously have only been seen in human play,
and highlight how to improve on current methods to achieve
variety in behaviour.
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